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Abstract 

AI has become ubiquitous in schools, and personalised learning carries a cost that is rarely discussed: the 
flattening of student identity. This paper examines the algorithmic accent - the way Large Language 
Models (LLMs) often default to a standardized, Western-centric linguistic style that can overshadow 
diverse student voices. The technology is quick. But that speed comes with a quieter effect: it eliminates 
local dialects and cultural speaking style along the way. Most research so far asks only whether students 
achieve improved grades using AI; how this impacts a student's sense of self, and their ability to negotiate 
multiple cultures, remains an enormous gap. We report on a two-month, teacher-led observation of 15 
university students (semesters 1-5) enrolled in an academic writing course at an academy in Pakistan, all 
of whom gave informed consent to participate. Drawing on translanguaging (Wei, 2018) and the concept 
of Global English standardisation (Agarwal et al., 2025), we suggest these tools function as a filter rather 
than a mirror. Students are led to exchange their own voice for the words of the algorithm-more fluent, 
perhaps, but missing the social texture that makes a language human. We recommend a pedagogical 
approach in which AI becomes a tool for exploring language, not a template for conforming to it. 
 
Keywords: algorithmic accent, linguistic identity, linguistic homogenization, translanguaging, ai-mediated 
classrooms  
 
 
Introduction 

The red pen is mostly gone. Instead, there is a glowing fix button that the majority of the students 
press without giving a second thought. A student comes in with a brilliant idea, but very messy, ideas 
laden with local slang, something weird and beautiful, or a home sounding rhythm. They in turn submit a 
paper ten minutes later that resembles a corporate press release. It is grammatically flawless, but the 
human is omitted. This is the algorithmic accent. We discuss Large Language Models as though they are 
unbiased assistants when in fact, they have a massive Western bias - and that trade-off is exactly what 
this paper sets out to examine. 

We are seeing the invisible prompt usurp in our classrooms. Students would keep on struggling with a 
sentence until it was right. They now let the machine determine what is right. This does not mean only 
spelling. It is a sociolinguistic crisis. Agarwal et al. (2025) show that AI suggestions push multilingual writers 
toward Western styles, which we refer to as a Global English narrowing. The software tends to erase the 
distinct traits that characterise a student with a multilingual background when he or she is using AI. It is 
not merely correcting a typo, but something to do with identity. This gives the illusion of proficiency 
wherein the student appears to be a master over the language yet has lost authority over the language. 
Bastani et al. (2025) found that students who relied on unrestricted GPT support performed better during 
practice but worse once it was removed, which suggests that the appearance of mastery can outrun real 
learning; in writing, the result can be syntactically correct but culturally empty text. 
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Linguistic identity is something that we cannot simply classify as a box. It is a process in which one 
breathes life. Wei (2018) revealed that high intelligence is manifested in translanguaging, which is the 
ability of individuals to incorporate their languages to communicate complex ideas. It is the way the brain 
really functions in a globalised world. We therefore adopt translanguaging as our theoretical lens: a 
student's mixed or hybrid language use is not treated as error here, but as evidence of active, cross-
linguistic meaning-making. However, according to AI models, this is noise. They are socialised on a 
particular part of the internet that is largely Western and affluent. This training data is an agent of filtering. 
When the natural manner of thinking of a student does not correspond to that filter, the AI points to it as 
a mistake. With time, the student ceases to fight. They begin to write in a manner which the AI will not 
redline. This is the research gap with which we are most concerned. What does a student think when they 
are repeatedly informed via the machine that the dialect they use is incorrect due to being their heritage 
to begin with? 

Digital hidden curriculum is something that we as educators can observe being created in real time. 
Giroux and Penna (1979) described the hidden curriculum as the unstated norms and values that schooling 
teaches beyond what is formally tested, and AI writing tools can be read as a digital extension of it. Holmes 
and Tuomi (2022) note that AI does not have the compassion and human imagination to be truly close to 
humans - and it is in the struggle of choosing words, not the speed of producing them, that learning occurs. 

These models carry a problem in their very data: the majority are trained on high-resource, Western 
languages. Joshi et al. (2020) and Bender et al. (2021) both show that this reflects how data are collected 
and prioritised, a design choice, not a technical accident. 

What remains with us is the long-term effect. A majority of studies will only focus on a single semester. 
Change does not happen in a period that short. Doshi and Hauser (2024) address a related problem: AI-
assisted writing raises individual quality but makes outputs more alike across writers, so a tool that suits 
everyone tends to flatten what is distinctive. So, what will become of the sense of self in any person once 
they have three years of the algorithm refining every thought? This is the longitudinal gap which we are 
bridging. If the AI is the one constantly refining, who does the thinking? We are in danger of producing a 
generation of brilliant writers who all happen to have the same robotic, neutral accent. This echoes Fan 
et al. (2024), who warn that reliance on ChatGPT can foster technology dependence and "metacognitive 
laziness". 

This study asks a simple question: how does sustained, AI-mediated writing support affect multilingual 
students' linguistic identity and their sense of authorial voice? Over two months, we observed 15 
university students (semesters 1-5) in an academic writing course at an academy in Pakistan, recording 
the precise moments where a student had to choose between their own voice and the algorithmic ideal. 
We wanted the friction. We wanted the silences - the moment a student decides a local idiom simply is 
not good enough for the machine. This paper bridges the research gap identified above with an account 
of that sociolinguistic change, the kind that data points alone cannot capture. 
 
Literature review 
AI bias and the "global English" effect 

There is already some alarm in present studies. Agarwal et al. (2025) show that AI writing suggestions 
pull writers toward a standardised, Western-leaning form of Global English - a business, refined form of 
the language which is no one's and everyone's simultaneously. When a student in a city such as Manila or 
Nairobi asks an AI to improve their work, the software tends to remove the local taste, polishing away the 
rhythms that make that student sound like themselves. Rosa and Flores (2017) argue that standards of 
correct language are shaped by power rather than being neutral, so this is not only a technological 
problem but also a power struggle over the authority to determine what counts as "correct" speech. Most 
existing studies remain at the level of describing Global English narrowing. We push further, into the space 
of individual ownership: does a student eventually stop attempting their own expressions, simply because 
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they know the machine will erase them anyway? That shift - from language pluralism to a kind of mute 
acquiescence - is what interests us here. 

 
Translanguaging as a theoretical lens 

Cenoz and Gorter (2021) argue that pedagogical translanguaging is crucial to successful learning, yet 
AI tends to interfere with this natural process. By flagging hybrid, code-switched phrasing as error, these 
tools implicitly teach students that their natural way of thinking is a bug in the system - even a tool given 
a bilingual dictionary would still lack an explanation for the code-switch itself. Fan et al. (2024) caution 
that reliance on generative AI can foster dependency and metacognitive laziness, which may weaken 
learners' engagement with their own linguistic judgement. 

 
The proficiency illusion 

The gap in question is hazardous when it comes to the so-called illusion of proficiency. Bastani et al. 
(2025) found that students with unrestricted AI support performed better while it was available but worse 
once it was removed: a gap between apparent and actual competence. In our setting this appears as text 
that is eloquent on paper but lacking in social flavour. This is because AI is not pragmatically nuanced - it 
is not aware when a word is too serious or too crude for a particular local culture. Bender and Koller (2020) 
argue that systems trained on linguistic form alone do not learn the communicative meaning behind it, 
which helps explain why AI can work as a dictionary but a poor cultural guide. We are concerned with the 
gap between technical fluency and authenticity: when a student speaks like a CEO but thinks like a child 
because the machine has done all the heavy work, the student has been failed rather than served. 
According to Holmes and Tuomi (2022), AI does not possess the human ability to empathise or create a 
true connection with others. 

 
Decolonizing AI and data bias 

The problem itself is in the data. Bender et al. (2021) note that training data that overrepresents 
dominant groups encodes their viewpoints into model output; the majority of models are trained on high-
resource languages, leaving what Joshi et al. (2020) show to be a severe data gap for everyone else. This 
is not merely a technical bug but a design decision that reproduces existing structures of power. Birhane 
(2020) warns that technologies built in the Global North can reproduce colonial relations, which is why 
these tools need to be decolonized; personalization risks becoming a novel way of imposing old norms. 
Our response is to propose a Resistance Pedagogy, a culturally responsive approach in which the teacher 
becomes a mediator. Instead of letting the AI silently rewrite a student's text, we stop and ask: why did it 
change that word? Does the result still sound like you? This lines up with what Mohamed et al. (2020) call 
unrepresentativeness in the AI development pipeline. 

 
Methodology 

The approach to this inquiry is teacher-led rather than a formal experiment, using an autoethnographic 
approach combined with classroom observation. Fifteen university students across semesters 1 to 5 took 
part, all enrolled in an academic writing course at an academy in Pakistan. They came from classes the 
first author was already teaching, and joined on a voluntary basis. This is a useful way of addressing the 
research gap, since it captures the tension of lived experience between the student, the teacher, and the 
screen. This study uses a teacher-led observation approach over a two-month period. We are not looking 
at these students as distant researchers; we are watching them work in real time. This allows us to see 
the "micro-moments" of linguistic surrender that a one-off survey would miss. Most studies on AI in 
education are done in labs or through data mining; we instead intervene in the gap between the screen 
and the student's desk. As the class teacher delivering instruction, the first author's observations are 
centred on her own reflexive position in the room - the moments she, too, had to decide whether to 
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accept, question, or override an AI-generated correction to a student's work. That is what makes this 
autoethnography rather than a simple field study: the teacher-researcher's own evolving judgement 
counts as data, not just the students' writing. We recognise it also borrows from participant observation, 
and we treat the two as complementary rather than mutually exclusive. Informed consent was obtained 
from every participating student before observation began. 

We keep a "linguistic log" of our classroom, kept over two months, with roughly 40 entries recorded 
in total - some students came up repeatedly, others only once or twice. Every time a student shows us an 
AI-generated draft, we compare it to their natural speaking voice. This builds on the work of Fan et al. 
(2024) on how generative AI support changes the way learners work on tasks. We look for the "erasure" 
of local phrasing. We log an instance whenever the AI swaps out a culturally specific word, a code-mixed 
phrase, or a metaphor - a personification of nature, say, or a line drawn from a student's first language - 
for something semantically equivalent but culturally flat. When a student from a multilingual background 
turns in a "perfect" essay, we look for the missing translanguaging markers that Wei (2018) identifies as 
signs of deep thought. 

Our data collection is simple and direct: we collect "before and after" samples. The "before" is the 
student's raw handwritten notes or initial brainstorm. The "after" is the final AI-polished submission. Over 
the two months we collected roughly 15 such pairs; ChatGPT was the AI writing assistant students used. 
By comparing these, we can see where the algorithm "corrected" a student's cultural framing, addressing 
the cultural bias concerns raised by Bender et al. (2021). We are not looking only for grammar fixes; we 
are looking for changes in tone, metaphor, and social rhythm. 

We also focus on "intervention dialogues." When we see that an AI has changed a student's unique 
phrasing into a generic, corporate one, we discuss it with the student. These are not formal interviews but 
"pedagogical conversations" - well over 80 of these conversations took place over the two months - some 
students we spoke with more than once, others only briefly - each one written up in notes during or right 
after the exchange. We want to see whether the student even noticed the change; this helps us track the 
"proficiency illusion" that Bastani et al. (2025) point to. If a student believes the AI's version is "better" 
simply because it sounds more "Western," we treat this as a recorded moment of linguistic assimilation. 

Our analysis uses the "decolonizing" framework suggested by Birhane (2020) and Mohamed et al. 
(2020): we examine whether the AI's suggestions consistently push students toward a high-resource 
language centre. The second author, Muhammad Zain ul Hassan, coded the bulk of the log and samples. 
The other two authors then cross-checked a subset independently, and where our coding disagreed, we 
talked it through until we agreed. This is a qualitative audit of the "algorithmic accent" in our own 
classroom; we are the primary instrument of research here, positioned as mediators between the student 
and the machine, able to locate the point where personalization stops helping and starts erasing. 

This begins to address the gap in "long-term identity" that short-term studies such as Agarwal et al. 
(2025) leave open - though at two months, it is a first window, not a full longitudinal account. We come 
back to that limitation in the Conclusion. Even so, it is an honest look at what happens to the educational 
role of language when the teacher is the only one left fighting for the student's authentic voice. 

 
Results 

Our first major observation was the "passive delete." We watched students write a sentence rich with 
local metaphor, something that tied their heritage to the assignment. One example: a student writing 
about family responsibilities used the phrase "meri maa ke haath ka khana" (an Urdu language sentence 
meaning “food prepared by my mother's hands”) to describe the emotional importance of home; ChatGPT 
changed it to "home-cooked meals prepared by my mother." When we discussed the change with her, 
she explained that the original phrase felt more personal because it reflected a Pakistani understanding 
of care and family bonding. More broadly, when students ran their writing through a standard LLM, the 
AI would almost always flag such metaphors as "unclear" or "informal," and instead of arguing with the 
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machine, the students usually just clicked "accept." This matches the findings of Agarwal et al. (2025) 
about the narrowing of Global English. The AI isn't just suggesting a better word; it is acting as a 
gatekeeper for what counts as "academic." We saw that the more a student used the tool, the less they 
even tried to use their own idioms in the first place. They started "pre-filtering" their thoughts to please 
the algorithm. 

In our intervention dialogues we attempted to interrupt this process. When a student presented us 
with a polished piece of paper that read like a corporate memo, we would go back to their original notes 
and ask why they had allowed the AI to modify a certain phrase. In the majority of cases, the student was 
not even aware that they had lost their voice. They were living in the illusion of proficiency suggested by 
Bastani et al. (2025): so pleased that the paper had a professional look that they did not notice it no longer 
sounded like them. This is a dangerous trade-off. It suggests that students are starting to perceive the 
machine's output as more neutral than their own lived experience. Rosa and Flores (2017) are right to 
read this as a power struggle: the software is currently winning, since it offers the path of least resistance. 

We also followed the translanguaging silence. Wei (2018) claims that the ability to mix languages is an 
indication of a high-functioning brain, yet the AI we studied approached it as a broken system. The 
students who were most heavily corrected by the AI in our classroom were often the most fluent in dialect 
switching, which brought out a real level of frustration. The "meri maa ke haath ka khana" (Urdu language) 
example above is one such case: the phrase was not corrected but replaced outright, leaving no trace of 
the translanguaging move the student had made. This reinforces the fears of Fan et al. (2024) regarding 
dependence on AI: when a tool that is meant to assist you only ends up making you feel inferior, it is not 
really a tool anymore. It is an assimilation filter. 

Among the most common discoveries was so-called idiom erasure. One clear case: in a writing task 
about climate change, a student described the flooding in her village by writing that "the river became 
angry and entered our homes." ChatGPT proposed "excessive rainfall caused severe flooding in residential 
areas." Though technically correct, this took away the geographic and cultural soul of the sentence - the 
personification of nature as an active force that is common in local communities. It is the standardisation 
of Global English which Agarwal et al. (2025) cautioned about: not necessarily a tutor, but a filter that 
eliminates anything that does not conform to a mid-Atlantic, corporate norm. Over the course of the 
observation, students had largely ceased even trying to use local metaphors; they started writing to the 
machine and hoping that the AI would approve them. 

To push back, we began a resistance log, the practical core of what we call Resistance Pedagogy. We 
asked all 15 students to identify at least three AI suggestions per paper that they would deliberately reject, 
and to justify why their own phrasing was not an error; roughly half of the rejected suggestions were 
ultimately kept in the students' final drafts. This proved harder than we expected, given the pressure to 
sound standard. Birhane (2020) calls for decolonizing these tools, and we understood why it is such an 
emergency: without a teacher present to say it was okay to sound like that, the algorithm becomes a new 
form of colonial power - one that needs no whip, only a rephrase button. As our observations suggest, 
when students were granted the right to be imperfect, they appeared to engage more with the subject 
matter at hand, although this is an impression drawn from our classroom notes rather than a measured 
outcome. They had stopped playing to the machine and were writing again. 

 
Discussion 

Another gap that we explored was the empathy gap. With creative writing, the AI-polished pieces were 
technically flawless and emotionally one-dimensional; they lacked the grounding in communicative intent 
that Bender and Koller (2020) argue meaning requires. When read aloud in class, other students were not 
able to relate to them - they sounded as if written by a ghost. This confirms what Holmes and Tuomi 
(2022) argue: that AI does not have the heart to connect with people in an authentic sense. 
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Another issue, reported by Joshi et al. (2020) and confirmed in our own observations, is the problem 
of the data desert. Because the models are trained on Western datasets (Bender et al., 2021), the AI was 
considerably more accommodating toward students who already used a standard dialect, and functioned 
as an incessant critic for linguistically disadvantaged and marginalised students. This supports the point 
Doshi and Hauser (2024) make about homogenisation: in attempting to create a tool that everyone could 
use, developers have succeeded only in making everyone sound like a particular, privileged someone. 

This brings out a greater moral debate. According to Birhane (2020) and Mohamed et al. (2020), there 
is a need to decolonize AI ethics. In our classroom, in the absence of teacher intervention, the AI 
functioned as a kind of digital colonial agent, imposing a "correct" way of speaking rooted in the Global 
North. We proposed Resistance Pedagogy to push back against this: students were encouraged to reject 
AI suggestions and defend their original wording. We found that students who justified their non-standard 
choices this way became more invested in their own writing - they were no longer simply producing text, 
but reasserting their authority over it. 

At the end of this discussion, one conclusion stands out: the algorithmic accent is not a necessity, but 
a choice. When we leave the machine as the ultimate judge of good writing, we are agreeing to a 
homogenized linguistic future. But when we treat the machine as a mirror instead - a device that helps 
students recognise the gap between their own voice and the so-called standard one - this same tension 
can become an Intercultural Communicative Competence (ICC) lesson. As Bender and Koller (2020) imply, 
a system trained on form alone can supply the vocabulary, but only a human supplies the meaning. A 
student's "accent," literal or metaphorical, should not be refined away, the machine can never really 
imitate everything that it represents. 

 
Conclusion 

Over two months, we have been observing the smoothing of the jagged, beautiful lines of student 
identity by the redline of the algorithm. The question that started this study was simple: what happens to 
the human voice when the main editor is a machine? We have an indication that we are experiencing a 
silent, structural erosion. The algorithmic accent is not merely a technical anomaly; it is a pedagogical one. 
We found that students had swapped their cultural authority for digital speed, producing a proficiency 
illusion that conceals a deeper loss of voice. The AI presents the appearance of a standard, but in practice 
suppresses the translanguaging and local idioms that Wei (2018) and Agarwal et al. (2025) identify as 
markers of real cognitive and cultural richness. Two months is a first step, not a full longitudinal account, 
and we see what we found here as reason enough to follow it up over a longer stretch of time. 

The research gap we outlined at the start of this paper remains the most pressing issue for educators. 
Most studies still quantify output and disregard outcome - they track how many words a student can 
produce, not how many of those words the student still feels are theirs. This gap is what our two-month 
observation begins to bridge, by pointing to the psychological and sociolinguistic cost of long-term AI 
reliance. According to Agarwal et al. (2025) and Doshi and Hauser (2024), the push of these models is 
toward a bland, Western-centric average - a new form of linguistic homogenisation. Unless we act, we 
risk raising a generation that understands their native tongue or local dialect only as something to be fixed 
with the press of a button. 

We need a way out, which we call Resistance Pedagogy. It is neither realistic to prohibit these tools 
nor advisable to defer to them uncritically. Instead, following Birhane (2020) and Mohamed et al. (2020), 
we argue for actively decolonizing the way AI is used in the classroom. The teacher's role should shift from 
grammar-grader to voice-protector. Students should be encouraged to ask why the machine wants to turn 
their untidy metaphors into clean cliches. We should celebrate the fact that they write with an accent, 
rather than treat it as a 10-20% syntax error to be fixed. As O'Neil (2016) cautions, algorithms will not 
become equal-opportunity until we make deliberate choices to hold them to that standard. 
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After all, language is one of the clearest ways we demonstrate identity. When the algorithm makes the 
final decision about what is right, the pedagogical purpose of language teaching is lost. We should make 
sure that personalised education does not, in practice, lead to a world where everyone sounds alike. Our 
analysis suggests that the greatest skill we can teach in the age of AI is the willingness to be imperfect 
rather than polished. Education should not aim to produce a flawless product, but to help a student 
discover a voice that is unmistakably their own. 
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